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Understanding Al

Evaluating Al Getting Ready for Al




Do you recognize these Al solutions?
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Al can be used in all stages of supply chain

1,

Supply Chain Stages L.

i

Al Use Cases

Contract
analysis

Demand " .
forecasting 'seqyy 4

Supplier
mgmt.

. e
Al personal assistant ¢

T

Predictive
maintenance -

]

Process Automai: 1

)

Layout & ﬁgl"’ Route R
optimization & ‘i‘n optimization ii'i°

Al

Warehouse & e

[\
N
Transport Order mgmt. n

Automation

—T—=<

U 97
Content Review & Generion hl 3%"




Categories of Artifical Intelligence

Category Category

Machine
Learning

Expert
Systems

Computer Artificial Planning &
Vision Intelligence Optimization

Natural
Language
Processing

Generative

Robotics AL



Robotics, Vision, & Speech are categories of Al used throughout DHL. DHL is the
consumer of Al in these categories.




DHL is a producer of Al in Analytics.

CONVERSATION

DEEP Al
LEARNING
" (DL)

Basic Analytics ) Advanced Analytics
Understanding the data Automating Decisions

—

A
N



Did You Know?

1. yBzo zqgqé ¢l @Bz €cdbzZ=4ad Z2z2Qz BzdAd Zz2z2C zdzz
2. That only about 1% of the data we generate is ever analyzed or used.

3. If someone did nothing but read 24 hours a day for their entire life, they'd consume about
eight billion words. But today, the most advanced Als consume more than eight trillion

words in a single month of training. *

N«

UBCzz B3IODzCd zzC=9Q BHDdczzdd 9QBzOQ
bd 9cC9

¢ Connect people to Al insights:




Al is set to drive a ~$20 trillion global economic impact, with trad. Al/ML as the
foundation and GenAl accelerating growth; Significant impact for Supply Chain

SU=d DPcQez2Cobzb BOPzzQ c¢C bbcZib 722¢CcOf GbC2LIEAWNQBEZ Wk=HF BODPzzqQ zzdcdd [3Cz9bcC
13.6-22.1 500
e Sales
e Marketing Software engineering
°
11.0E17.7 400 e
Customer service
~15-40% = e Product R&D
incremental = 300 +
. o]
eg:onorrj[|c -
S e e Supply Chain
E— 200 -
e Finance @ Risk and compliance
55 | e Manufacturing
° Legal o e Procurement management
Talent and organization (incl. HR)
o T T T
Traditional Al & Generative Al Total Al 0 10 20 30 40

machine learning
Impact as a percentage of functional spend, %

Ycadzz1 rH ?2yBZ 72z2c¢CcObz DPcQz2CqQbzb ¢ EMcKids€/ARllEigheddin 152%023) yB2z C2FQ DPdcZ3z29b8BQof [dcCQbzd@
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Evaluating Al Getting Ready for Al

Understanding Al




How to evaluate which Al you need?

U fc3 €z2zCqQ o9cCc 9

P

) 4

a»
Control & Automate .=
Predict & Classify \.0

Communicate & Create @

Source:Harvard Business Review

\/
—
—

Traditional Al

Machine
Learning

Generative Al

Gen{ini . *‘ &) Copilot

*



OUR VISION:
To optimize supply chains end-to-end, using best-in-class
robotic solutions and actionable data

Data collection point

Receiving/ Put -away Packing & Value-added Services Dispatch/ Delivery

Data Analytics

of Tasks of Resources of Inventory of Transport
How can | optimally prioritize and group tasks? How can | utilize my resources most efficiently? How can | continuously optimize my inventory? operations




We have visibility on where we spend how much of our human labor. We utilize
this information to select our focus technologies and innovation areas

Visibility on labor hours per operational activity AD Technology Portfolio

. .
Put-away, Assisted N (un)Loading ? ::?sgglegsesnt

replenishment, pallet run o~
Picking Robots ! Robots Autormation

=)
Bl

Picking

Goodsto- : Al & Data Sortation

Person :
Sl RobotS Analytics

(un)loading & Receiving Packing i[ Smart - Supporting
%

Robots y’

Operations &% = Robots
- ’

Admin and
communications

Indoor Robotic EE Wearable

Transport - Tracking ¥

Devices & Monitoring g =’

Others




Our Accelerated Digitalization and Automation (AD&A) journey started years ago,
and it is far advanced and industry -leading

12

100+ 1200+

Focus technologies
defined

Ideas

Partners engaged Sites touched

Research and . Commercialization
Productization N
Proof of Concept and Industrialization .

]%trr]l#;tlured 9 D3IBzbbf dzzibz

approach 9have_ one view on UMEIEIE 9 QcC QJ7ibz €BzgQ E£¢ tglr%ages_t pOSS'bI? f°°tp.“'.“t n

next big thing we want to : : '~ our business, whileretaining as
available off the shelf ! )

scale : . much of the realized value for

us as possible

across all
regions and
functions to:

14



We work with focus and consistence across all regions Eto rapidly identify and
dzPbbzzoqz ZzdqQ DDdzzobzzd?9

FOR INTERNAL USE

Technology

rt;ﬁ_ Technology

L : focus

ASRS _
Robots & ™

Cube
Storage
Robots

Floor
Bin
Robots

AFRICA

Floor
Platform ==
Robots

Vertical %Il Enclosed system with integra’
Lift .Sl columns of trays with an inser
Module ﬁ it store and refrieve shelves

4 e osed ahal . AUSTRALIA
. nclosed shelving system wi 3
;f,rftr':fl ﬁ a movable mast running dowr G;] (
Module .",‘IE! ‘k retrieving totes 7 ! )
& ) & 2077

’ S omu { O q © 2023 TomTom, € 2023 Microsoft Corporation, E.ch}Stree:','a: Téhs G
Goods To Person Technologies | September 2022 - Lol ashabif 1PN




9 27CZ 9d3abf dzzbz 201229687 c¢Pz7d729BcCzhb

# projects deployed end of year, cumulative 7.400+

6.800+
5,300

3,700

Real innovation is when you implement 600 .
ZQ bzdbz dzzbz9 |

2,000
9 ¢cQBzdEBAz2 be=4d b3do 2619CBzz 2828770 2021 2022 2023 Today
-Oscar De Bok, DSC CEO . -

16
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Al with data analytics, delivering clear value to customers, operations and
employees with insights to improve decision making

Selected examples:

Forecasting Optimization of picking

Cycle count optimization Associate Retention

Optimization of slotting Site Profiling

17



Al CYCLE COUNTINGMACHINE LEARNING CYCLE COUNT (MLCC)

Business Opportunity

Inventory errors cause many issues within the warehouse and for the customer
A Service Level Impacts

A Labor Costs

A Shrinkage Costs

A Customer Service Impacts

A Reduction in Sales

HOW IT WORKS

2. WMS sends current
information about our
locations, products,
and Warehouse activity

Cycle Counts

Task Nbr Prob. Of Error

Products Integration = EEALCRUEEEY
( / with ML
Locations 1. Machine Learning

model learns from
. historical cycle count
tasks & relevant
Warehouse  information related to
Activity that task (SKU, Location
counted, activity)

3. ML Model generates 4. WMS generates
a prediction for the tasks to count
probability of an error  locations with highest
at every location probabilities of error

DATA
ANALYTICS

LOCATION ACCURACY (PROACTIVE COUNTS) %
98.0%

Go Live Date

96.0% —4

94.0% V U

Jul 2022 Oct2022  Jan 2023  Apr2023  Jul 2023 Oct 2023  Jan 2024  Apr 2024  Jul 2024

% HOSPITAL CARTONS

Go Live Date

£0%

20%

0.0%

Jul 2022 Oct 2022 Jan 2023  Apr 2023 Jul 2023 Oct 2023 Jan 2024 Apr 2024 Jul 2024

FILL RATE (UNITS) %
100.0%

Go Live Date

97.0%
Jul 2022 Oct 2022 Jan 2023 Apr 2023  Jul 2023 Oct 2023  Jan 2024  Apr2024  Jul 2024

Results from Carhartt DC3 & DC4. StatusProduct (22 deployments by EOY 2024)



Improve Warehouse Productivity EAI Slotting with SOLVE

6-8%

Location
Availability

8-10%

Pick
Productivity

3-4%
Labor cost




Using Al for Inventory and Demand Analytics

Inventory Analytics modules help customers optimize and ~ Demand Analytics modules offer insights into demand and
sustain inventory levels through datadriven assessments - returns, improve forecasting, and detect anomalies

[ [ ] : ®

mE Inventory Aging Ii‘lw Demand Profiling

—e— Dead Stock Simulation . Np) Return Analysis

Inventory Profiling _IP Demand Forecasting

\  SKU Placement Anomaly Detection



Improve Associate Retention

A Use machine learning to identify associates at
high-risk for turnover.

A Using HR and attendance data- 12 data
attributes are predictive.

A Proactive supervisor discussions can reduce
turnover.

A Pilot results: 27% reduction in turnover among
high -risk associates.




GenAlIEBbb Z2zc¢cdJ%2 PDzdo cIEenp®ldedin Biffetfentc [ € c dt
technology layers it will increase the productivity

Layers of °

making use External apps (buy) Central platform (leverage) Custom Applications

of GenAl (several in development)
for users Examples: -

A Office assistants

A Translation support

A Code assistants

A Embedded in core
systems

A Etc.

BD/SD use case

([ J
®
([ J

effort
22




